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1 Introduction

Basic properties of random coefficient autoregressive models (RCA) are studied
in [7], where processes of random parameters and errors are supposed to be
independent and consist of independent and identically distributed random vari-
ables. There exist extended literature that generalize these basic models. The
assumptions of an error process are weakened for example in papers [1] and [6].
While in the former one homoscedastic martingale differences are supposed, in the
latter one independent but heteroscedastic errors are considered. A generalized
RCA model in which processes of random coefficients and disturbances are
permitted to be correlated is studied in [3] under homoscedastic assumption.

In [5] we have extended the results of [6]. Firstly, we have proved strong
consistency and asymptotic normality of an OLS estimator of § in a heteroscedastic
RCA(1) model under weaker conditions than in [6]. Further, we have extended
these results for a WLS estimator and moreover for the process {¥;} with unknown
mean u. Paper [5] is a reduced form of [4] where full versions of all proofs and
all important lemmas are given.

In this paper results of [5] are generalized. We are dealing here with two hete-
roscedastic RCA(1) models where the assumption of independence is weakened. In
the first one the error process is supposed to be martingale differences, in the
second one the same behaviour is assumed for centered random coefficients. In the
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paper we will show that all asymptotic results (strong consistency and asymptotic
normality) derived in [5] hold unchanged under these generalized conditions. Since
\all proofs of essential theorems are substantially based on several auxiliary lemmas
we will concentrate our attention to proofs of such lemmas. Because the proofs of
the theorems can be then made analogously as in [4], we will present here main
steps of the proofs only and the rest is left to the reader.
At the end of the paper a process of martingale differences for which all derived
asymptotic properties hold is constructed.

2 Model definition

Let us suppose that the behaviour of the process {X,} is described by the RCA(1)
model
X, =bX_1+Y, t=1.,n (1)

together with the following basit assumptions: EX, = 0, 0 < EX3 = ¢} < o,
Y,t=1,...,n are random variables with EY, =0 Vt, 0 < EY? =02 < o
which are independent of X, and b,t = 1,..., n are random variables with
Eb, = B, 0 < Eb} = o} < oo Vt which are independent of X, and of {}.

We will frequently use the two following representations of the model (1). The
first one has the form of an autoregression with a constant coefficient:

X, =BX,_,+BX._+ Y =BX_, +u, ' )

where u, = B,X,_, + Y, and B, = b, — . To keep unified notation let us denote
0% := EB?, so the equation 63 = o7 — * holds.

The second one is expressed in terms {Y} and {,} only. This representation is
given by formula (3) (for convenience let us denote Y;:= X):

X: = ;C:,j—ﬂ’;—j, (3)

Jj=0

j
where ¢,;:= [[b,_;iand ¢, _,:= 1.
i=0
Let us define the system of o-fields &% for t = 0, 1, ... in the following way:
P = o(Xo), & = 0(Xo, Y, By, ..., Y, B),t > 1. Let us denote & = (%, ¢ > 0).
We will study asymptotic behaviour of OLS and WLS estimators of f in model
(2) given by the following formulas:

iX,X,_l
poti @

n
XX
t=1
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"1
Z ?XX,_l
o= g
Y Xt
t=1%1t

Further, we will concentrate on the process {I{} for which EV, = u is unknown
and such that X, = V, — u satisfies model (1). In this model we will study
asymptotic properties of the following estimators:

nA ©)

pe=s , )

D A 1A
BW:I:I tn 1 . (8)
Lol

In [5] strong consistency and asymptotic normality are proved under a crucial
assumption ,

AO: both {Y]} and {b} are processes of independent random variables

and several mainly technical assumptions.

In the next two sections we will generalize these results into the cases where
Assumption A0 is released and {Y} or {h} are permitted to consist of dependent
random variables. The first one is concerned with the model where {Y} is an
Z-martingale difference sequence (%-m.d.s.), the second is dealing with the
model where {B} is an #-m.d.s.

3 Model with martingale difference errors

Let us suppose that behaviour of the stochastic process {X,} is described by the
RCA(1) model (1) defined in Section 2. In this case let us assume that the process
{Y}is an #-m.ds.

3.1 Strong consistency

In accordance with weakened assumption about {Y} we have to slightly change
the set of assumptions given in [5] under which strong consistency of considered
estimators is still valid. In the sequel let us assume:
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A0: {Y}is an #-m.d.s., {b} is a process of independent random variables,
Al: E|X,*? < o and w,:= E|Y,?*® < K < oo Vt and for some § > 0,

A2: w,:= sup E|b)**® < 1 for some § > 0,

A3: E(Y?|#_)) = o as,,
1 n
Ad: - Za, —>d>>0.
t=
One can see that opposed to [5] here we have to assume one additional
Assumption A3.

Auxiliary lemmas.

All lemmas given in Paragraph 1.2.1 in [4] hold analogously under Assumptions
A0, A1 —A4 but some proofs have to be slightly modified. In this part we will
summarized all lemmas, but we will present only such proofs that have to be
modified due to different assumptions.

For 0 < j < k let us define 47/ := o(%_, U o(Y,_ss1, ..., ¥i_))).

Remark 3.1. In the sequel, C will denote a general positive constant, the value
of which may change in different formulas or even in different places in the same
formula.

Lemma 3.1. Under A0, the second moment of the process {X,} is given by
Sformula

t
EX? = Yo 0. 9)
j=0

Proof. Using (3) we can write

t
EX? = ZEY2 Ec2ii+2 )Y E(Y._Y_) E(cj—1€or) = Y, 070
O<j<k<t j=0
since E(Y}_jY,_k) = E[Y_E(Y._;|%_;_))] = 0 forj < k. O

Lemma 3.2. Assumptions A0', Al and A2 imply that there exists a constant
C > 0 such that
EIX*° < C < oo Vt and some 6 > 0. (10)

Proof. Directly using Minkowski inequality. O

Lemma 3.3. Under Assumptions AQ', Al— A3, the following processes are
L, ;~uniformly bounded %-m.d.s. for ¢ = 3.

a) Z{) = u, d) 20 = X2_ (B2 — ai),

b) ZP) = X,_u, e) ZP) = Y? — o}

c) ZP) = X,_1b/Y,
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Proof. Martingale difference property in cases a), b) and d) is a trivial
consequence of definition of %-m.d.s., in case e) it leads directly from Assumption
A3. The only non-trivial modification must be done in case c):

B(Z| ) = X, ELYE(b910)| ] = X BE(Y| %) = 0 as.

L, -uniform boundedness is a trivial consequence of Assumptions A(Q’, Al and
A2, Minkowski inequality and Lemma 3.2 in all but two cases b) and c), where an
additional argument of Hﬁlder mequahty for p = g = 2 must be used:

b) E|ZO'* < (EIX, l|2+f‘) (Elu, |2+")z <
C[(B1X, B+ + (ENx? 2+"]
c) E|ZO'* < (EIX,_ lb,|2+") (ElYl““)z <C. a

Let us recall the definition of mixingales:

Definition 3.1. Let {X,} be integrable random variables on a probability space
(Q, o, P) equipped by the filtration ¥ = (%,t > 0). The sequence of pairs
{X, & } is called L,-mixingale if, for p > 1, there exist sequences of non-negative
constants {¢} and {&},s = 0,1, ..., such that & ——>0and

i) |1E(X.|Z_ ), < cds

ll) ”Xt - E(th'%+s)"p < ct£s+1
hold for all t,s1 > 0, where ||X|, denotes the norm in LP(Q,.z’, P) defined as
1X1l, = (EIXP).

Furher, L,mixingale {X,, %} is of a size —@, for ¢y > 0 if & = O(s™®) for
@ > Po

Lemma 3.4. Under Assumptions AQ', Al and A2, the following properties hold
for some 6 > 0:

a) the sequence {X,, &} is L, smixingale of an arbitrary size.

If moreover Assumption A3 holds, then
b) the sequence {X? — EX?, &} is L, -mixingale of an arbitrary size for ¢ = 3.

Proof. Since E(X,|#%,) = X, as. and E(X}|%,,) = X? as. for s >0, it
remains to verify only condition i) of Definition 3.1.

Case a):
Firstly, for s > 0 we have

E(X.|Z_) = ZE(C:J Yy Fn) + LYo Bl | %) =

::I*‘][vy

s—1
= ZE[x_jE(cz,j_llf_,-)I%_s] + Zx_,
j=0 j=s

Hence Lemma 3.2 directly implies that || E(X,
the statement of case a) is proved.

( )Ecl,s—l = BSX:_S a.s.

t— s)||2+6 IBF C. Since |B] < 1,
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Case b):
Firstly, let us show that for s > 0

t

E(X2- EX)|#_) = g LYY kl_l(bt ) L_]:(b,_) ZG:-J V=

= o¥(X2, — EX2) as. (11)

This expression is the same as in Lemma 1.4 in [4], but in this case arguments are
slightly different:
i) Forj, k < sbothc,;_; and c,_, are independent of %_,, but ¥,_;and Y;_, are
dependent on it, so we have to use conditioning in the following way:

—1 s—1 s—1
( TR 5«-) = Y E[¥2EE,|4)
i=0 k=0 j=0

+ 2 Z E[ kE(Cz, 1€t k— 1|gr' e s] Zo'z—ﬂb

0<j<k<s-—1
ii) For j < s < k, using analogous arguments we have:

F_] +

k—1

E(ctj—lct k—lY;—th—k|'g':—s) =Y H(br—i) E(Cz,j—lcr,s—lx—jle%_—s) =

lj( ) [ (Cu 1Ce,s— 1|gzt E

iii) The case for k < s < j is analogous.
iv) For j,k > s, since both Y,_; and Y,_, are %_,-measurable, derivation is
unchanged, thus:

j—1 k—1
E(ct,j—lct,k—IX—th—k'*%—s) = Y;—th—k H(bt—i) H(bt—i) Eczz,s—l a.s.

,/,S]—O a.s.

These results together imply (11). The rest of the proof is a direct consequence of
Lemma 3.2 and Assumption A2. O

Lemma 3.5. Under Assumptions A0, Al and A2, the following relations hold
for any deterministic function g such that Ig(t)l < CVt:

1 as.
a) - Zg(t) X[ ;1—_';) 0,
n t=1

b) 5 Y00 (X2 — EX) 2r 0.
t=1

Proof. It is a direct consequence of Lemma 3.4 and Theorem 20.16 in [2] since
for any deterministic function g such that |g(t)l < CVt both {g(t)X, %} and
{9()(X? — EX?), %} remain to be L,,-mixingales with respect to constants

O
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Lemma 3.6. Let {X,} be a stochastic sequence such that X, % 0. Then
X, ’%o» 0 for any sequence of constants {c,} such that |c,| < CVn.

Proof. It is directly seen from the fact that

X, 250 « limP<U[an|>3]>=0 for any ¢ > 0. =
n—oo k— o0 n=k

Theorems

Since all auxiliary lemmas remain valid under assumptions of this generalized
model, we can directly formulate the following theorems for both zero and
non-zero mean case. They can be proved analogously as Theorems 1.1., 1.2., 2.1.,
2.2. and 2.3. in [4].

Theorem 3.1. Under Assumptions A0', Al —A4, B '% B holds. If moreover
AS: 0< N <Vt
holds, then also By ’% B.

. 1 n 1 n —1
Proof. Combining (2) and (4) we get B — B = (; YX ,_lu,) (; Y X 3_1> In
t=1 t=1

n

the first step it is shown that . ZX 1y '%» 0. This arises from Lemma 3.3 b)
t=1
and from Theorem 20.11 in [2]. Further, using Lemma 3.5 b) one can show that

12 a.s. 0'2

VY xz >

A )

In case of fBy the difference By — B can be rewritten in the way By — B =
1 21 1 &1 -1 121

< > —ZX,_lu,> <E Y S (X —EX? )+ 1) , where = > ?EX,Z_‘.

ncn t=16t nt=1%Yt t=1%Yt
Then the proof is done analogously as in the previous case, additional arguments
for existence of all a.s.-limits are ensured by Lemmas 3.5. and 3.6. O

> 0, which concludes the first part of the proof.

Theorem 3.2, Under Assumptions A0, Al and A2, fi '%: U holds. Under
Assumptions A0', Al —A4, ,é :—;» B and if moreover AS holds, then éw ’%» .

Proof. Since i — pu =
of Lemma 3.5 a). t 1
Further, denoting X,:=V, — pand X := -

(V; — p), the first statement is a direct consequence

S |-

i

X, = i — u we can rewrite the

t=1
model (V, — p) = b(V;_; — u) + Y, into the form
X - X=X - X)—-(1 =P X +u, (12)

where u, = B, X,_, + Y. Multiplying previous equation (12) by (X,_; — X) and
summing it over t = 1, ..., n we can get after some algebra
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1 1
R ; Z U, — X Zu, )X; Z(Xt—l - X)
p—p=—"= 1 = t=l . (13)
! ;( - 3P
1 " a.s. 2
Firstly, it can be shown that - Y(X.oy — X) ’—:;» m > 0. Further,
t=1

due to Theorem 20.11 in [2] both — ZX U, and — Z u, converge a.s. to 0. Finally,

t 1
the fact that 2 m u concludes that B ;_T; B.

In case of /§W we proceed similarly, Lemmas 3.5 and 3.6 have to be moreover
used. O

3.2 Asymptotic normality

Similarly as in the basic model in [S] it is necessary to extend the set of
assumptions in order to derive asymptotic distribution of studied estimators. Let us
modify Assumptions Al and A2 in the following way:

Al’: E|X[**° < o0 and ,:= E|Y}**® < K < oo Vt and for some 6 > 0,
A2': 1, := sup E|b|**° < 1 for some § > 0, moreover Eb} = y, Vt.
t

Moreover let us assume:
A6: E(Y?|#_,) = o, as., where a, = EY?,
AT: E(Y‘[%_l) =y, a.s., where y, = EY?*,

Zv,——w,

A9: ; ZO‘?EX?_I ’:;) 6'2.
t=1
On can check that in addition to the basic model in [5] we have to suppose
moreover Assumptions A3, A6 and A7.
Auxiliary lemmas
Again, let us summarize all important lemmas and modified proofs.

Lemma 3.7. Assumptions A0, Al' and A2' imply that there exists a constant
C > 0 such that
EXP?<C< o Vt and some 6 > 0. (14)

Proof. Analogously as for Lemma 3.2. O

Lemma 3.8. Under Assumptions A0', Al', A2, A3, A6 and A7, the following
processes are all L, ,-uniformly bounded -m.d.s. for ¢ = §:
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a) Z\) = X,_(Y;? — a), e) Z¥ = X;_,bY,

b) Z¥ = X,_,Y(b, — B) f) ZO = X?_,(b} — ),
c) 2P = X2 (Y — o)) g) ZV = Y* — v,

d) Z¥ = X?_ Y (b} — o),

Proof. Martingale difference property is directly seen from definition of %-m.d.s.
and Assumptions A3, A6 and A7 in cases a), ¢), f) and g). In remaining cases we
have to use conditioning in the following way:

b) E(ZO|%_\) = X, .E[Y’E(b, — B|9_)| %] =0 as.,
d) E(Z¥|%_\) = X2_E[YE(b? — o}|9_)|Z ] = 0 as,
e) E(ZP|%_)) = X3_.E[YE®R|%_ )| # ] =0 as.,
L,,uniform boundedness is trivial in cases f) and g). Holder inequality for

p=g=2in cases c) and d) and for p =4, g =3 in cases a), b) and e)
analogously as in Lemma 3.3 can be used. O

Theorems

Theorems 1.3., 1.4.,2.4., 2.5. and 2.6. from [4] about the asymptotic distribution
of B, Bw, A, B and By can be now formulated for this generalized model. Since
again all important lemmas hold unchanged all proofs can be done similarly as
those in [4].

Theorem 3.3. Under Assumptions AQ', Al —A4, the asymptotic distribution of

- , (1 + p)
\/n(l‘ —pis N <0’(1 P — (B o%)))

Proof. After some algebra it can be derived that

1— n—t+1 n
——B———, st:= Y pi.Eu} and U, is a random variable for which

l—ﬂ t=1

U, ,.T:S’ 0 holds. Firstly, it is shown that

1, a’ .1+ﬁ
- 1—ﬂ[1—(ﬂ2+a§)]>0' (15)

1 n
Further, it has to be proved that — )" p, u, has the limiting distribution N(0, 1).
ni=1
Since {%} in an %-m.d.s. it is sufficient to check conditions of the central limit
theorem that are of the form:

where p, ,:=
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i) —

o L pnE(Vioy — uf +

t 1

to-t

% SRV — P + YAl
t=1
P

i) & 3 BBVt — B Tz oz O forall £ 0

n—oo
nt 1

4
The first condition follows from Lemma 3.5b) since |pZ,| < The second one

(1-BF
ﬂn t+1

2+
ElV,_,—pf*<nC. O
= 1 — ﬁ t—1— M
Theorem 3.4. Under Assumptions A0, AI', A2', A3, A4, A6—A9, the asymptotic
. . 1 — (B 2\\ 2
distribution of \/n(f — B) and \/n(B — B) is N (0, A (#G—B» ), where

+ ¢ (15)

Proof. We can write \/n(f — ) = (s X 1“;)( Eﬁ

nt=1

it can be derived that — sz —> A holds for s2:= ) E(X?_;u?).
n n—ao =1

to show that — ZX .14, has the asymptotic distribution N (0, 1). Due to Lemma

nt=1
3.3 b), the central limit theorem for martingale differences can be used. Hence, it
remains to verify the following conditions:

n n
o5 2 X{1 + Y oiXi
i) t=1 t=1 p N 1
o4 YEX', + Y o2EX2,

tl t=1

ii) = ZE( Iy, 2 es]) —> 0 for all ¢ > 0.

n—o
"t 1

Firstly, combining X} = (b,X,_; + Y)*and EX{ = E(bX,_, + Y)* one can show

n

1 as.
that — Z(Xf_ 1 — EX?_;) —> 0. This result together with Lemma 3.5b) imply

[ 1 1
condition i). Condition ii) follows from —s2 = A and Assumptions A1’ and A2'.

In case of f we can write

L \/;X[%é“lut+(l— )%g( . ,—X)]

B =)=~ -
40

ZX 2 1) . Firstly,

v:l_

Thus it is sufficient

n

(Xr—l —X)Z

S |-
M=

Al

t=1
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It can be shown that the latter term converges in probability to 0. Convergence in
distribution of the first term can be proved similarly as in case of B. O

In order to formulate the theorem concerning with asymptotic distribution of
Bw and fy we have to assume a stronger version of Assumption A4 in the form:

Ad4: g, —> > > 0.
Theorem 3.5. Under Assumptions A0, AI', A2', A3, A4', A5—AS8, the asymptotic
distribution of \/n(Bw — B) and \/n(Bw — P) is the same as that given in Theorem 3.4.

Proof. Analogously as the proof of Theorem 3.4. Existence of all corresponding
limits is ensured by Assumption A4’ O

4 Model with martingale difference coefficients

In this section let us deal with the RCA(1) model (1) for which all basic
assumptions are satisfied. Let us suppose now that the process {B,} is an %-m.d.s.
while the process {¥} remains to consist of independent random variables.

4.1 Strong consistency

To preserve strong consistency we have to strengthen Assumption A2 and
change Assumption A3 in comparison with the previous model. In the sequel let
us assume:

AQ*: {B,} is an %-m.d.s., {X} is a process of independent random variables,
A2*: sup E(bf"°|%_,) < K, < 1 as. for some § > 0,
t

A3*: E(b}| %_,) = o} as.
Auxiliary lemmas

Analogously as in Section 3 let us define #,' 7/ := o(%_, U 0(B,_x+1, ---» Bi—)))
for0 <j<k

Remark 4.1. Let us denote w,:= sup E(|b,**°), then Assumption A2* implies
that w, < 1. ‘

Lemma 4.1. Assumptions AO* and A3* imply that E(B?|%_,) = o} a.s.

Proof. Obvious. g

Lemma 4.2. Under Assumptions AO* and A3*, for j < s the following equali-
ties hold:
Ec,j_y =P, E(c,j 1| %) =P as.,
Ec; 1 =0f, E(i_\|%_) =o0F as.

Proof. Straightforward. O
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Lemma 4.3. Under Assumptions AO* and A3*, the second moment of the
process {X.} is given by formula (9).

Proof. Directly based on results of Lemma 4.2 using (3).

Lemma 4.4. Under Assumptions AO*, Al, A2*, inequality (10) holds.

Proof. Applying Minkowski inequality for p = 2 + § to expression (3) and
using subsequent conditioning we get:

O

1 t L
(E|X [+ o2+ EKEQ¢JHJHXﬁWﬁ2 <

L
2+

1
( ,,|2+6E(|b,|2+6|%_1))) <

l

t j— ;
KzE Ibz 2+ E(lb 1 P*°| Z, 2 < (0 Kipte < C. O
J

Lemma 4.5. Under Assumptlons AO*, Al, A2* and A3*, the following processes
are L, uniformly bounded %-m.d.s. with respect to the filtration ¥ for ¢ = g
a) Z = u, d) Z{ = X7 _,(b} — a3)
b) ZP = X,_u, e) ZP = b} — g,
c) ZP) = X,_b.Y,
Proof. Martingale difference property in cases a), b), d) and e) is trivial, in case
c) it is seen from the following derivations:
E(Z?)l‘g’;—l) = X:—lE(b:Yzlg":—J = Xt—lE[th(Y;Lmt—l)L%—l] =0 as.
L, uniform boundedness for e) is trivial, in remaining cases Minkowski and

Holder inequalities together with conditioning are useful:
1 1 1

a) (E|Z£1)|1+5)1+5 (ElXt lB |l+e)1+e (El |1+e)1+a <
_1_
(EIX,—,[***)*? (E|B, Iz”)“" * c=<¢

5 > 1
b) E|ZO|'** < (EIX,_1|2+5)2 (Elutlu‘s)z < C[E|(B +HX,_, — ﬁXz + Y;|2+"]2 <
1

< C[(E|X:—1bt|2+6)m + ﬂ(E|X |2+5)2+6 + (ElYl2+6)2+6] 2
246

< C[(E[|X:—1|2+6 E(|bt|2+&|9;-1)])2+6 + C]T

1
c) Elz(tz)'l+s < (E|Xt—lYt|2+6)2 (Elbt|2+6)2 < C,
1 1 1
(BIX?1b} — X210+ < (ELX, b+ )7+ +

d) (ElZ(4)|1+a)T
+ GYEIX,_ ) < (E[I1X, P E(bP*| F_ )] + C < C. O

Lemma 4.6. Under Assumptions AO*, Al, A2*, Lemma 3.4, case a) holds. If
moreover Assumption A3* holds, then Lemma 3.4 case b) holds.
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Proof. As in the previous case it is sufficient to verify condition i) of Definition
3.1 only. Derivation has to be slightly modified:

Case a):
Firstly, for s > 0 using Lemma 4.2 we have

s—1
E(Xt|'g't——s) = %E[X—jE(ct,j—l| |‘%— s] + ZY—] H( t— l) (cts ll'g{ s) ﬁth—s as.
j=

i=s

Then Lemma 4.4 directly implies a).
Case b):
Firstly, we can again derive that for s > 0 expression (11) holds, but arguments
differ from the previous case:
i) For j,k < s both Y,_; and Y;_, are independent on &%_,, but b,; ; and b, ;_,
are dependent on it, so we have to use conditioning in the following way:

s—1 s—1
<Z Zcu 1Cek—1 Y- Yk ) ZE[Y E(c | Z )| 7] +
j=0 k=

] za,_,a

+2 5 B[N0 T60) Bl %

O<j<k<s—1

k—1
+2 35 k| [1(6) Y| %)

0<j<k<s—1 i=j

Z_s] = Zof_jaﬁj a.s.
j=0
ii) For j < s < k, using analogous arguments we have:

E(ct,j—lct,k—l},t—j},t—k|'9':—s) = L H(bt—i) E(ct,j—lct,s—IYt—jI'g':—s) =

5]

%_S] =0 a.s.

s—1

= 1 T1(6) B[ T16-) %817

i=j

s—1

_ v, Q(b,_.) | T1(6,-) B(%.|

i=j

iii) The case for k < s < j is analogous.
iv) The result for j, k > s is, due to Lemma 4.2, the same as in the proof of
Lemma 3.4.
Further we can proceed analogously as in the proof of Lemma 3.4 using Remark
4.1 and Lemma 4.4. O

Theorems

Having proved the preyious lemmas we can now summarize results about strong
consistency of 8, Bw, A, f and By analogously as in Theorems 3.1 and 3.2. In their
proofs we can follow exactly the same steps, in this case their verification is based
on previous lemmas.
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Theorem 4.1. Under Assumptwns AO* Al, A2* A3* and A4, B = —> B holds.
If moreover AS holds, then also By ——> B.

Theorem 4.2. Under Assumptions AO*, AI A2%, fi ——> W holds. Under As-
sumptlons AO*, Al, A2*, A3* and A4, B ——> B and 1f moreover A5 holds, then

Bw 2> B.

n—oo
4.2 Asymptotic normality

To preserve the same results about asymptotic distribution of the estimators of
B and u we have to change the previous set of assumptions. Let us assume:
A2**: sup E(|b|**°|%_,) < K, < 1 as. for some § > 0, moreover Eb; = y, Vt,
t

AT*: E(b}|Z_,) =y, as.
Auxiliary lemmas
Lemma 4.7. Under Assumptions AO*, A1’ and A2**, inequality (14) holds.

Proof. Analogously as for Lemma 4.4. O

Lemma 4.8. Under Assumptions AO*, AI', A2** A3* and A7*, the following
processes are all L, uniformly bounded %-m.d.s. for ¢ = é

a) ZV = X,_|(Y? — o), d) ZV¥ = X,2 YAb?E — )
b) Z(tz) = Xt—lYt3(bt - ﬂ)’ e) Z(S X3 lbt b
c) Z0 = X7_(Y? - o)), f) Zﬁ“’ 1B — 7).

Proof. Martingale difference property immediately follows from the definition
of #-m.d.s. in cases a) and c) and from Assumption A7* in case f). In remaining
cases we can verify this property by conditioning in the following way:

b) E(ZP|%_\) = X, _.E[(b. — B) E(¥}|#_)|Z ] =0 as.,
d) E(Z¥|Z_)) = X*_E[(b? — o) E(Y2|#L)|#_.] =0 as.,
e) E(ZP|#_) = Xi_E[BE(Y,|#:)|Z_,] = 0 as.

L, , ~uniform boundedness is trivial in cases a) and c), in case f) it is directly seen
from Assumption A2** and Lemma 4.7 using Minkowski inequality and con-
ditioning analogously as in Lemma 4.5d). Holder inequality for p = ¢ = 2 in
cases b) and d) and for p = 4, q¢ = § together with conditioning and Assumption
A2** in case e) can be used. O

Theorems

Since all lemmas from Paragraph 3.2 remain valid also for this generalized
model, Theorems 3.3, 3.4 and 3.5 can be reformulated in the following way. One
can easily check that proofs of the following theorems can be done analogously
without any significant changes.
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Theorem 4.3. Under Assumptions AO*, Al, A2*, A3* and A4, the asymptotic
distribution of \/n(fi — p) is the same as that given in Theorem 3.3.

Theorem 4.4. Under Assumptions A0*, Al', A2**, A3*, A4, A7*, A8 and A9,
the asymptotic distribution of \/n(p — P) and / n(ﬁ — P) is the same as that given
in Theorem 3.4.

Theorem 4.5. Under Assumptions AO*, AI', A2**, A3* A4, A5, A7* and A8,
the asymptotic distribution of \/n(Bw — B) and /n(Bw — P) is the same as that
given in Theorem 3.4.

5 Construction of a martingale difference sequence

In the previous sections we have studied asymptotic properties of some
estimators in heteroscedastic RCA(1) models that contain processes of martingale
differences. To prove strong consistency and asymptotic normality we have to
require quite strong assumptions about conditioned and unconditioned moments up
to order four for martingale differences. These requirements are expressed by
Assumptions A3, A6, A7 and A3*, A7*. One can put a question how restrictive
these assumptions are and what form can have such a sequence. Some of the
possible constructions of a martingale difference sequence that satisfies given
moment restrictions are presented in the sequel.

Let us define a stochastic process {Z,} for t = 1, ..., n by general formula (17)

U, for Z,_, >0,
= 17
Z {V, for Z,_, < 0. ( )
Put Z,:= X,, where X, is a random variable with EX, = 0, further let {U,} and
{V;} be independent sequences of independent random variables, independent of
X, such that EU? and EV;* exist. Let us define a system of o-fields
Tri= 0(Zoy Zyy .r Z).
For such process the following equalities hold for i = 1, ..., 4
E(Zilgj—l) = I[Z!_lzo]EU: + I[Zt_1<0]EI/ri a.S.,
EZi = P(Z,_, > 0)EU! + P(Z,_, < 0)EV; = r,_,EU} + (1 — r,_,) EV}",
where r,_; = P(Z,_, > 0).

From the previous equations it is clearly seen that conditions
E(Z,.|7,_1) =0 as., (1)
E(Zi|7,_\) = EZ| as. for i =2,3,4
are satisfied, if the following equalities hold:

EU = EV,=0, EU? = EV?, (19)
EU? = EV?,  EU! = EV{*.
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This construction requires independence of {U;} and {V;}. In the following we
will give an example where both processes can be dependent.
We can for example suppose that the processes {U} and {¥} behave according

to the following relations:
U =AW,

V; = BIVVM
where {A},{B} and {W} are independent processes of independent random

variables. In this case given moment conditions (18) are satisfied under the
following restrictions:

EW, =0, or EA, = EB, =0,
EW? =0, or EA = EB?,
EA? = EB?,
EA* = EB},
More specially we can suppose that random variables A,, B, reduce to non-zero
constants a, and b,. This assumption leads to very simple conditions in the form:

(20)

EW, =0,
EW?=0, (21)
a, = —b,.

The last case looks very simply but the process {Z,} has in this case some
interesting properties. Let us suppose that P(W, > 0) = pe (0, 1) V¢ and 4, > 0.
Then it is easy to derive that

Hence probability r, depends on a parameter p in an exponential way and
converges to 3. If p > 3, then convergence is monotone and r, > 3. In case of p < 3
values r, oscillate around 3 and for p = 1 also r, = 3 Vt holds. In case of p = 0
they periodically reaches values 0 and 1 while if p = 1, then r, = 1 Vt. Changing
the parameter p and the sign of a, we can influence behaviour of r, and hence
properties of {Z,}.

These constructions of the process {Z,} can be analogously used for martingale
differences {Y} or {B} (with respect to the filtration %) in previously discussed
generalized RCA(1) models.
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